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(1) User intents behind re-sharing behaviors are entangled.

interest- and dependency-wise hypergraphs

(2) Cascade temporal influence is dynamic drifting.

two separate attention-based encoders

To supervise the disentanglement process and prevent information loss, we design a self-supervised
auxiliary task to guide disentanglement and learn fine-grained user and cascade representations.
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Figure 1: Overall framework of DisenIDP.
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Table 1: Statistics of the datasets.

Dataset #Users #Cascades #Train #Val #Test Avg.Length

Twitter 12,627 3,454 2,763 345 346 38.22
Weibo 26,537 35,070 28,056 3,507 3,507 29.41
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Table 2: Performance cﬂmparisuns on two datasets. Table 3: Ablation stud},r of DisenIDP.
Model Twitter Weibo N Twitter Weibo
e
H@10 H@100 M@10 M@100| H@10 H@100 M@10 M@100 Fa100 ‘M@io | H@lty Mol

DisenIDP All 60.39 23.94 57.40 9.55
DEEPDiEﬂSE 572 21.61 5.93 ﬁ'}'} ﬂ,?‘l 5?3 0.23 ﬂ3ﬁ Multi—l'}rpe w/o gﬂ 50 53 29 .26 56.43 8.80
NDM 2245 3512 1559 16.03| 9585 3931  4.05 4.95
SNIDSA 2567 4359 1634 18.89| 1073 3951 475 5.52 User- HyperGAT 58.93 22.98 55.55 8.93
FOREST 30.28 50.12 2145 2236| 1559 5255  7.55 8.63 Disentanglement ~ HyperGCN 58.89 22.88 54.21 8.76
Inf-VAE 1493 4642 19.83  21.82| 1037 3805 590 6.58 Casiada wio LTIE p— — 14.98 .y
DyHGCN 32.78 5853 21.57 2245| 1465 51.65 7.13 8.27 Disentanglement  wj/o STIE e g Pl ‘st et
MS-HGAT  29.12 56.68 16.44 17.37| 1267 4005 6.50 7.38
DisenIDP 34.01 60.39 23.04 23.94| 17.81 57.40 823  9.55 Sfi;;ﬂ;:ﬁit :ﬁ gg gggz ggg: EEE :.f,;
% Improv. 3.75 3.17  6.81 6.63| 14.23 922  9.00  10.66 i : : ;
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